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Making large language models
say why.



HOW FAST THIS HAPPENED s  Utrecht
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Time to reach 100 million users

Spofify . [tyears
Nt [ 10 years
Aronbl . B8yeas
Twitter - 5vears

Facebook  4b5years

Dropbox [ s
Whatsapp | a5 e
Instagram  25years

TikTok [ 9 months
ChatGPT ] 2 months

Source: World of Statistics
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You will not always be told why UN

The model

DENIED
— ?

Your application

income, job, address no reason given

a black box

You apply for a loan. The answer is no. Nobody can tell you why.
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What is inside the box? U

Traditional approach Neural network

-1.01 +0.22
1.03 .47  -0.
1.08 .37 -1.
.74 .02 +0.
.39 .29 +0.
.07 -0.39 -0.
-0.36 -0.79 +0.
-0.22 -0.71
+0.00 +0.24

Income above €30,000?

-/ \o

Steady job? NO

yes / \no
YES NO

a rule you can read billions of numbers - no rule to read
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How large is a large language model? N ty
About 1,600 times bigger in two years | |
| |
I |
| |
| GPT-4 |
GPT—S | larger still |
175 billion | |
BERT, 2018 : :
! L — — — — _ _ _ _

110 million parameters
)

(that dot

two years later
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Home News Football 2026 Sport Business Technology Health Culture Arts Travel Earth Audio Video Live

'A predator in your home': Mothers say
chatbots encouraged their sons to kill
themselves

8 November 2025

Nobody could say why it answered the way it did.

BBC News, 8 November 2025



Why did it say that?

Three years, six studies, one question.
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Ask which words did the work U

Utrecht
University

An example post:

Women who study engineering should stay in the kitchen anyway

:

the darker the highlight, the more that word drove the decision
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What a yes/no label sees

HARMFUL

What actually happens online

a clumsy joke a stereotype a put-down open abuse

Proposition 5 - Online harm is not all or nothing, so a simple yes-or-no label misses most of the picture.



CHAPTER 4

We used our own tool to fool our own detector

1. Swap the give-away words

written by a machine

We delve into the data

and demonstrate a significant

* three words swapped

We into the data
and |show| a |clear | gain.

gain.
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2. Can the detector still tell?

before Il after the swap
0.81 0.83
0.64
0.25
one detector the ensemble
on its own (several detectors together)

Proposition 4 - The same explanation that makes us trust a model can also show someone how to trick it.
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A persona does not make a model more human "M\
Why people disagree Does a persona help? It did not help.
just ask - with the persona
“You are a female individual,
0.76 0.75
aged 18-22, who identifies as
O White, has a Bachelor’s degree, 050 047
92% -
and currently resides in Europe.”
what the tweet says
GPT-40 smallest model

accuracy, English

four models tested, none got clearly better

the other 8% is who they are

Proposition 6 - Asking a model to act like a certain group does not make it more human. Often it just makes it worse.
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How well the model matches what people really said

0.82

I 21 points 061

Western countries Everyone else

20 models - 64 countries - 23 moral topics

Proposition 9 - Large language models are not neutral judges of right and wrong. They answer with a Western accent.



THE WHOLE PHD, IN ONE PICTURE
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everything
humans know

N

Imagine everything humans know.




You pick one tiny spot. And you push.



This is my PhD.




_ that dent is mine

Now zoom back out.



WHY IT STILL MATTERS NI
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But the dent is the point N
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Builders Rule-makers All of us
can catch a model that is can ask for the reasons, can stop treating it
right for the wrong reason not only the results like magic

If you take one thing home: ask it why.

If it cannot tell you, do not let it decide anything that matters.



AT 14:15

In a few minutes, the conversation continues
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chair Prof. dr. Marian Jongmans

SUPERVISORS ASSESSMENT COMMITTEE

Dr. Robert A. Bagheri Prof. dr. Antal van den Bosch
Prof. dr. Daniel L. Oberski Prof. dr. Mehdi Dastani

Dr. Anastasia Giachanou Prof. dr. Els Lefever

Prof. dr. Rens van de Schoot
Prof. dr. Suzan Verberne

ALSO IN THE DOCTORAL EXAMINATION COMMITTEE

Prof. dr. Peter van der Heijden



“These propositions were written by a human,
even if my own research has made that hard to prove.”

Proposition 14

Thank you
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